MRS ISSN 1003-3254, CODEN CSAOBN E-mail: csa@iscas.ac.cn
Computer Systems & Applications,2024,33(7):180—187 [doi: 10.15888/j.cnki.csa.009552] http://www.c-s-a.org.cn
O ERFEBE AT B TR . Tel: +86-10-62661041

4 =] & S
ET XL S FE Sk B4 c R EN®
T3, SN, MRS
(V8% TRERZE TR 2205, 79 % 710600)
HWAEEE: LANIN, E-mail: xamll@163.com
1 RREOC RIS FE VNGRS WA A R B I 2% STBOC &, RIS ORISR TH DG R v 7325, SR, BT
o2 19 245 ) e A 188 I AL, AR 27 3T SE B R R U, R IH 56 R KU R 70 A A 2 K BE IR, O T R o Ak
35S AR P BB AR, AR SCHE H T RS T bl S A AR AR I RR SO R AR T V. T, I SR S g
PEASBR IR BN, DA% STHAT 55 ok, MINZREE R, oA 3 ok RIBHUEAER AL REAS; SR )5, K om s
7B 5 BT AN RIFERUFEATXT L, LA ST IR R R 5a, A X RIEA AT IEAZ IR, JE5I NEE R ki &
BRI ARG R X 43, £ TACRED #5448 b AT SIS, 45 AR WA A SC 77V R % itk — 20 27 Ak o i 1k 18 s 1) 8, 42 7t
B 1) 5 B8]
REIR): FFEOC ARG KA, XHLV 5 ST, FE AR ok KRR A

v

B Pkt T2, T N, MR 4 T 0T b 25 SO0 p 5 R 5 5 R -S4 R G5 L, 2024,33(7): 180-187. http://www.c-s-a.org.cn/1003-
3254/9552.html

Continual Relation Extraction Based on Contrastive Learning and Focal Loss

WANG Su-Yue, MA Li-Li, CHEN Jin-Guang
(School of Computer Science, Xi’an Polytechnic University, Xi’an 710600, China)

Abstract: Continual relation extraction aims to train models to learn new relations from evolving data streams while
maintaining accurate classification of previously learned relations. However, due to the catastrophic forgetting problem of
neural networks, the model’s ability to recognize old relations tends to decrease drastically after béing trained on new
relations. To mitigate the impact of catastrophic forgetting on model performance, this study proposes a continual relation
extraction method based on contrastive learning and focal loss. First, the model'is trained on a concatenated set of the
original training set and its augmented samples to learn a new task.‘Second, from the training set, memory samples are
selected and stored for each new relation. Then, instances from the activation set are contrasted with all known relation
prototypes to learn the old and the new relatiens. Finally, memory reconsolidation is performed using the relation
prototypes and focal loss is introduced to improve the model’s distinction between similar relations. Experiments are
conducted on the TAGRED dataset, and the results show that the method proposed can further alleviate catastrophic
forgetting and imprdve the model’s classification ability.
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