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Chinese Word Segmeptationﬁof Self-attention Mechanisms Guided by Syntactic Dependence

W

ZHOU Bao-Tu
(GuoChuang Cloud Technology Co. Ltd., Hefei 230088, China)

Abstract: Based on previous work, this study proposes that the self-attention mechanism guided by syntactic dependency
can integrate syntactic dependency knowledge to improve the performance of Chinese word segmentation so that the self-
attention mechanism can only focus on those characters that have syntactic dependency influence on the current character’
s word segmentation label and learn their influence degree on the current character. In addition, this study performs
positional encoding on the self-attention mechanism guided by syntactic dependency trees. The experimental results show

% \
that the model has improved its performance compared with the baseline, and the recognition ability of the model for

unregistered words has been strengthened.
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