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Embedded Automotive Interior Parts Assembly Inspection Based on Deep Learning
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Abstract: The quality inspection after assembly of automotive interior parts is an important stage of assembly and an
important guarantee for ensuring a high pass rate of interior parts assembly. The target detection hafdware platform is
built with low-power and high-performance NVIDIA development boards, and the Faster RCNN and YOLOv5 models
are compared, and the YOLOvVS model, which has a better detection effect or{,small targets, is used to train the data
collected by industrial cameras. The test results show that the accuracy of-detecting 13 features of automobile interior
fittings is as high as 95%, which realizes the efficient and accurate discrimination of automobile interior fittings and
provides reliable auxiliary means for the assembly work of automobile interior fittings.

Key words: automotive interior fittings; target détection; YOLOVS; Faster RCNN; deep learning; detection method
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