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Named Entity Recognition in Electric Power Dispatching Field Based on GRU

WU Chao'?, WANG Han-Jun®

'(University of Chinese Academy of Sciences, Beijing 100049, China)
*(Shenyang Institute of Computing Technology, Chinese Academy of Sciences, Shenyang 110168, China)

Abstract: Name entity recognition is an important part in the power knowledge map construction in power dispatching
field. Currently, machine learning and deep learning models are used to name entity recognition in‘the general field or
other professional fields. In order to solve the named entity recognition in the power dispatchirfg field, the Transformer-
BiGRU-CRF model is researched. The character vector of the corpus is obtained fhrough the Transformer model, and the
named entity recognition is performed through BiGRU-CRF . There are two training methods in the training process, the
first method is only to train the parameters of the BiGRU—CRF part; the second method is to train the whole model
parameters including the Transformer part. Finally, it is found that the first approach reaches the stationary state in less
time, but the accuracy rate is about 5% higher for the second approach.

Key words: Transformer model; Name Entity Recognition (NER); BiGRU; power dispatch
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B AR GAE H A R, 75 B ) U AR
e 7E R R R R R I A o, oy 44 SEAA IR (NER)Y
R PR A 2 ) — A E LR 2T 55 LI
F, 7 U8 B2 3 A7 50 Hh el ECHE FL g R R AT Y i 44 SRR

iy 44 SRR SRS 5 A R K — T OGEEAT 45,
FE 1995 /) MUC 2 EAE S — a2, 3 I B I
FR VR SCA R S 1 4 R B A R SR
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