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Image Super-Resolution Reconstruction Method Based on Attentive Generative Adversarial
Network
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%

Abstract: The existing image super-resolution reconstruction method based on deep learningis easy to generate pseudo
texture, and the rich local feature layer information in the original low-resolution image is notﬂf‘ully utilized. In order to
improve image quality, a super-resolution reconstruction method based on attentive generative adversarial is proposed.
The generator part of the method is constructed by attention recursiyé network, and a dense residual block structure is also
introduced in the network. First, the generator extraets the local feature layer information of the image by using the self-
encoding structure to improve theresolution. Fhen, the image is corrected by the discriminator. Finally, the image is
reconstructed into a high-resolution irflage. In a variety of networks for peak signal-to-noise ratio super-resolution
evaluation methods, the exfaerimental results show that the designed network exhibits stable training performance,
improves the visual quality of the image, and has strong robustness.

Key words: super-resolution reconstruction; generative adversarial network; attention network; residual network; feature

extraction
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