MRS ISSN 1003-3254, CODEN CSAOBN E-mail: csa@iscas.ac.cn
Computer Systems & Applications,2018,27(5):203—-208 [doi: 10.15888/j.cnki.csa.006357] http://www.c-s-a.org.cn
O E RGBT TR . Tel: +86-10-62661041

¢

TREZF SBNEFR AR ARG EY

SRIEAR, Yo 3, XM, EFE

(B HIR R R TIPSR AT BR 2 ], A5 100039)

WIRE#E: &, E-mail: alex3936@163.com

O R B S o NS R EOR B V) 5 3R, BT 1 3 TR B 2 2 R AR BN i) 7V BB 7 45 52
L. AR 3 8% SR R IR A HEAT T SEBLIFHEAT T S00000 EL, [RIHR T 8 Siamese X458 745 (iF 22 W1 (1) )7
Wik — BT NI VR RS FE. S 45 S, A A HE A 2 1 N KR, @Tﬁ?%}#%jﬂﬁﬁ&%fﬁ'Tmé&%bﬁ
UPNICAPIR

RBEIR: N, R 205 ARG A AAS I ARl i~

Sl A% SRR, Y852, xR, T TR 5 2] (UE A BN R R 3 7 v SN R 455 FH,2018,27(5):203-208. http://www.c-s-a.org.cn/1003-
3254/6357.html

Face Recognition for Identification Photos Based on Deep Learning

ZHANG Xiao-Lin, FAN Yu, LIU Wei-Jin, WANG Chun-Hua

(Beijing Changfeng Aerospace Science and Industry Co. Ltd., Beijing 100039, China)

Abstract: To solve the urgent technical requirement of face recognition in security industry, this research and
implementation of face recognition based on deep learning for identification photos are carried out. The key technologies
and algorithms of face recognition are implemented and compared. At the same time, to further improve accuracy, the
method of feature remapping using Siamese network is proposed. Finally, the experimental results show that by using
deep learning algorithms and face-library constructed by identification photos, efficient and accurate t\‘ace recognition is
achieved.
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