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Rough Set RuleiMatching Method and its Application in Text Categorization
ZHU Min-Ling', WU Hai-Meng', SHI Lei’

'(Computer School, Beijing Information Science and Technology University, Beijing 100101, China)
*(Institute of Software, Chinese Academy of Sciences, Beijing 100190, China)

Abstract: To improve the performance of Chinese text classification, a rule matching method based on rough set theory is
proposed in this study. In the extracting process of textual features, the CHI statistical method is improved and the weight
of the feature is scaled and discretized. It combines the discriminant matrix to achieve the attribuge teduction and rule
extraction for rough set theory, and uses rule pre-test method to optimize the decision parameters-of Tule matching to

improve the effect of Chinese text categorization. The experimental results demonstrate that the (;ategorization accuracy of

the improved matching method is higher, and in the case of less training data, it can also.achieve decent results

Key words: rough set; Chinese text classification; attribute reductiqng-rule extraction; rule matching
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