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Text Sentimen_t Classification Based on CSLSTM Neural Network

ZHUANG Li-Rong, YE Dong-Yi
(College of Mathematics and Computer Science, Fuzhou University, Fuzhou 350108, China)

Abstract: Text sentiment classification is a popular subject of natural language processing and the crucial problem in
product evaluation. Based on semantic relationship of word vector and sentence vector and the impact of user information,
product information to text sentiment classification, Cosine Similarity Long-Short Term (CSLSTM) network is proposed.
CSLSTM considers attention mechanisms of user information and product information in various semantic levels. And it
involves a effective initialization method in hidden level weights of word-level attention matrix accor&iné to similarity of
word vector and sentence vector. The competitive results are derived from three sentiment classifieation datasets, Yelp13,
Yelp 14, and IMDB. \
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