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Optimization of Initial Clustering Centers Selection Method for K-Means Algorithm
YU Qi-Lin
(School of Computer Science and Technology, China University of Mining and Technology, Xuzhou 221116, China)

Abstract: So far, in the field of data mining, pélople have achieved a variety of algorithms of clustering. And the most
widely used is K-means clustering algorithm. But the main problem of K-means is the initial center selection problem.
In this paper, a method is proposed to determine the initial K centers of the K-means algorithm through the relationship
matrix and the Degree Centrality. Compared with the traditional algorithm, the proposed algorithm can get the better
clustering result. Experimental results have proved the validity and feasibility of this algorithm.
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