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Improved LATCH Based on Integral Image
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Abstract: LATCH‘(Learned Arrangements of Three Patch Codes) improves the accuracy of local binary descriptor by
comparing three pixel blocks rather than tow pixel blocks. However, the improvement of accuracy brings a larger time
consuming. Based on the study of LATCH and other local binary descriptors, using integral graph theory in improved
LATCH descriptor, it reduces repeated calculation of each pixel blocks in LATCH descriptors. According to the

experiment results, the computation time of the improved algorithm is reduced by 30%-40% compared with the original

algorithms, while the accuracy of the improved algorithm is similar to that of the original algorithm.
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Generate Integral Image

s procedure Generalelntegral I'mage(img, out)

1

2:  for all row in img.rows do

3: for all col in img.cols do

4: out[row][col] =

5 out[row — 1][col] + out[row][col — 1]
G — out[row — 1][col — 1] + out[row][col]
7 end for

8: end for

9 : end procedure
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New LATCH

1 : procedure NewLatchDescriptor(img, keypoints)
2 Generatelntegral Image(img. out)

3:  for all keypoint in keypoints do

4: for i =0 —= patches_size — 1 do

5 SUrna = rm#[;m!('h[il,,]

G sumb = out[pateh[ily)

7 sume = out[patch(i].)

8: descli] = suma — sumb

9: > surna — swinb?0 ;1

8: end for
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) : end procedure
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