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Recommendation Algorithm Based on the Partition of Directed Graph
HUANG Bo, YAN Xuan-Hui, LIN Jian-Hui

(School of Mathematics and Computer Scienpe, Fujian Normal University, Fuzhou 350007, China)

Abstract: By using the pringiple of resource allocation, we propose a recommendation algorithm which is based on the
partition of directed gﬁraph. The items directed graph is established by combining with the bipartite graphs network
structure and resource allocation method, and is partitioned by the method of Asymmetric Nonnegative Matrix
Factorization. Then we classify items by the relationship between them, set connection weights between the items and
implement a recommendation from the Top-N items to the user. Experimental results show that the proposed algorithm
can improve the recommendation accuracy and the recommendation diversity, and reduce the popularity of
recommendation to a certain extent.

Key words: recommendation algorithm; directed graph; ANMF; recommendation weight \
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