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Dynamic Hand Gesture Tracking and Recognition Based on TLD and DTW

YU Chao, GUAN Sheng-Xiao ot

(School of Information Science and Technology, University of Science and Technology of China, Hefei 230027, China)

Abstract: For lack of stability in dynamic hand gesture tracking and low recognition efficiency, a hand gesture tracking
and recognition framework'is )proposed based on TLD and DTW algorithm. First, the hand gesture area is got with a
Haar features based C‘iassiﬁer. Then the gesture trajectory is obtained by using the TLD tracking algorithm initialized by
the hand area. Finally, features are extracted from the trajectory and the improved DTW algorithm is used to recognize
the dynamic gesture. Experiments show that the framework can track the hand gesture stably for a long time and be able
to improve the recognition speed greatly under the premise of ensuring high recognition accuracy.
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