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Collaboration Filtering Recommendation Algorithm of Sub-Similarity Integration between Items
BI Xiao-Ru,
(School of Management, Chongqing Nanfaqg Translators College of University SISU, Chongqing 401120, China)

Abstract: Aiming at such the problems of sparse data and non-currency to select the nearest neighbors, a collaborative
filtering recommendation algorithm of sub-similarity integration between items is proposed in the paper. According to
every attribute value of the target user, the users whose attribute value is the same as target user’s are selected as user’s
sub-space, similarity(sub-similarity of items) between the target item and others in the user’s sum-space is calculated.
Based on it, according to sub-similarity of items, k-nearest-neighbors are selected to calculate it’s prediction value.
Finally, weighted sum of prediction value of user’s attributes is calculated to get final prediction value of the target item.
Experimental result shows that the algorithm can select nearest neighbors of target item correctly and improve
recommendation quality of spare data. \
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