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Query Optimization of Database Based on Gauss.Mutation Quantum Behaved Particle Swarm
of Optimization Algorithm

LI Guo-Fang, LI Jing

(Health Vocational College, Guangzhou Medical University, Guangzhou 510450, China)

Abstract: In order to solve the defect of quantum particle swarm algorithm, mutation operator of the genetic algorithm
is introduced into quantum particle swarm optimization algorithm. It produces a novel query optimization method of
database(GM-QPSO). Firstly, the mathematic model is established for database query optimization problems. And then
the optimal scheme of database query optimization problems is found by the sharing message of quantum particle.
Finally, the simulation experiments is carried out on Matlab 2012. The results show that the proposed algorithm has
solved the defect of quantum particle swarm algorithm, and improved query speed of database and can obtain better
query scheme. \
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