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Objects Recognition Algorithm for Humanoid Robot Soccer on Playing Filed
LI Li-Li*, LOU Xiao-Ping", LV Nai-Guang®, LIN'Yi-Min?

Y(School of Instrumentation Science and Photoelectric Engineering, Beijing Information Science and Technology University, Beijing
100192,China) g "
?(School of Optical Communication & Optoelectronics, Beijing University of Posts & Telecommunications, Beijing 100876,China )

Abstract: During the race , the football, goal and two sides of the robot need to be recognized by the vision system of
humanoid robot soccer. Considering the rapidity and effectiveness of the algorithm, the ball and the goal are identified
by the algorithm based on color information. The possible positions of the ball and the goal are extracted by the color
thresholds of the ball and the goal in the picture, then the correct position is determined by the background color or area
information. To recognize the two sides of the robot, first the features of the robot should be extracted ‘and then through
online real-time supervision learning method a cascade classifier is trained, which is used to_ idehtify robots. Result
shows that the field objects can be recognized quickly and effectively and the algbrithm has better robustness.
Keywords: humanoid robot soccer; objects recognition; cascade classifier
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