AN VA

— RN TN [y . L WIIRN
—HE () F2Eh 2% im Y B PR OB S IR AR
RORET, G2 MNP WIENE 2
P EBE S BRI SRR SRR B, AR 230027)
(BRI S BRHE BT PR A W ST e, £ 230088)
O WA BRI BRFIE S U R H i, 0 - (A8 7 2SR A RS 8l 28 ity ) A —
s WA ERH S AARIRE NI IERIN, AR LTS BN SO SCERN, B A S
FER R A TIFY T, ARAME LS FIEERr. $2 tH—FhRH SCRe I AU AEREN 37 AT 85 & 10070, I8 HTEAE
55 SRR A AT 55 RIS RO AN IR, I s AT 25 Rk il X s B . el il il B
FH PR BT JNASAS [F) BT 25 A2 I B 24T 7R, 76— b — [ s Hp RU0T 2508 SCRIA IHERR A 90.29%,
HIH% Sy 88.87%.
KRR LITEBAA, ARSI A5 BAIG SCHE M AL SRR,

http://www.c-s-a.0rg.cn 2013 4E 224 % 8 W

A Method to Understand Spontaneous Spoken Tasks for Mobile Terminals
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Abstract: With the development of mobile Internet and automatic speech recognition (ASR), the mobile terminal
through voice interaction has become a trend. The traditional method to understand user's spontaneous spoken language
is to write context-free grammars(CFGs)manually. But it is laborious and expensive to construct a grammar with good
coverage and optimized performance, and difficult to maintain and update. We proposed a new approach to spoken
language understanding combining support vector machine(SVM)and conditional random fields(CRFs), which detect
task and extract task semantic information from spontaneous speech input respectively. Tasks are represented as a vector
of task name and semantic information. Eight different tasks from“iFLYTEK yudian”voice mobile assistant are tested,
and the precision and recall of semantic representation of query are 90.29% and 88.87% respectively.

Key words: spoken language understanding; task detection; information extraction; support vector machine; conditional
random fields
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