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Information Project Surveillance Based on Multi-Objective PSO
ZHANG Yun-Xiao, LIU Hong-Zhi
(College of Computer and Information Engineering, 'Beijing Technology and Business University, Beijing 100048, China)

Abstract: In order to solve the complexity of the integrated management of information engineering surveillance,
considering the contral of the surveillance process about the quality, investment, and the progress. Resources as decision
variables, optimize the overall duration as the goal, the establishment of the information engineering surveillance
process multi-objective optimization model. Information engineering surveillance control to optimize the objective
function of the multi-objective decision making problems the model constructed the objective function of the
multi-objective decision that is the control of information engineering surveillance, combining with a multi-objective
discrete particle swarm evolutionary(DPSO) algorithm, According to the characteristics of the specific problem, we
define and design new particles evolution equation, and solve multi-objective optimization Cogtro] Objectives of
information engineering surveillance.

Key words: information engineering surveillance; multi-objective optimization ‘problem (MOP); particle swarm
optimization (PSO) )

fr AL TR I B AR T (5 R TRE A A B, WA A R U rE. A alifomi B TREITSE A 11

AL BT BT, A KA 2, R L BT
it R SRS =D ST, AP A AR
T, R TERE ATRE . ATFYE. B M A A
U 1 B 5 0 B A7, %0 4 22
15 FHASH, TR H A0 8 TR I B AU AR R 1T
3Rl L AR, PRI BT LT
P A T B o, ST AR T R
IR 77, SCHRT2IBRE T3 T A TAMZE 4 511

A B O DU AT 22 A I P T 2, BBl e i
NSV AN =S/ IAE i YA

DIk, ASCHERT AW SR EA 1, 320 T —Flobr
M3+ HARRL TSRS B R B 0 B (1
WEFL. FOHE ST EEARL R AP . A E A
2, A BRI, I PR SIGHE JE, SRAG
LB E T %, A RR W 2 H bkl 1 B 5
SRk 2 HARPAL I A7 R

@ HeAT0H AL E AR BOR SIS A R BB TR AR BT H (PXM2012_014213_000037)

WCHR I ]:2012-07-03; W0 1 5 e s i [71]:2012-09-02

92 MpFHR « 553 Software Technique « Algorithm

© PEREEBRLEHTT

http:#/www.c-s-a.org.cn



2013 4F 5223 A 2 iy

http://www.c-s-a.org.cn

2 | N VA

1 Z H stk &

% H br 4 4k 19 B (Multi-objective Optimization
Problem, MOP) 2 & I8 4 [/ i At 4k 22 AN H A (1) i) i,
— R UL, XA B AR S BAH S, Bk, AAE
TE—MELEITA Hbs B REILN. Kig2 H st
I 7 i NHER, AN [T 5 H AR A4k 13 2 (Single
Objective Optimization Problem, SOP) 45 —AN Al
fif, MOP IR 2 — 2 AR S e filt i £ 5 0L

FRIERIMFE TENER =8, W,
— Wz, RS BENFEAS B TR 0 vk B v i i o
i R BeEEEl. AR, 5 R
FIL L ) 5 ERTFBAE I, H Red% & R 2 € 58
A5 B TR s R v, gl A ek o S A4 I
HI e BRI 5855 2 YUk H br, 1X28 BRI
iy 1 s E 25 AN AR [ H%Hﬁ*ﬁﬁ\?ﬁﬂﬁﬁﬂﬁﬂé@m.
M, AT UARI 2 H ER O AR g B R 2 e
(e 78 AL 3 7 SR 1 0 A7 3 2 5
filt, WL TEHWCE bR, WiE—43
o W PR B D0 AT B Y, 0 SLREAT 3 A PR
FEIE, BATHE M AR BAk i A 0 2 H b 1) L K n
BB, A RS R R B R . EA—A
Z B4 a0, A5 S TR M R R i N 5 e
FN HAREURRIRFRAR) JBIESE . YL IB AR
FRUN) 5 N S CER[O14E TG B LR
PR 4 ANFrBr) 5 AN EARER MR R ] K
Rt

H TR THCEARR T, il T A M e

AL AR TEIR A G PEa B3 IUH AT

[ LR EFANAS;

@ TR L2 38 e T A 4

OFF 5 1y L G R 55 THF i CE 1K R,
5 1T T 0 YR 80— ) 5 DX T P S LG A8 5K

IO BE TR L TR A s 1 ) RURT DA
ik A Monn=1, 2, -, NMSZIH, Horb, 5504
WHAS r(r=1, 2, =, R/MES, X n ANTiHLE
k(k=1, 2, -, K)FPBEUEALH, 55 k FPes il 80
A SK. WS FER AN H A A A T, SERR SR L
WA TN, B K RPRURLESE t R SERRl I S Pkt, 5
AN EATSS M rL 21 r2 565 KRRz Y 1) 4l FH & 2 Pi(rir2)k,
B0ANTHAES M rl 2] r2 TR Fi(rLr2), i

AT H 55 10 S B T4 B8 TR R0 52 B 25 RO o) 23 & T
FAIANTUH ML Wi . 2 qi(rlr2) 50, 148, M5
i NI AT L, r2 M L, A 2ER 0.

PEIRLRT 15 B TR IR E Y 2 B AR )
AT RIS

MinT (n) =Zn:maxwi(ri -T,,0) (1)

i=1

i P LA Et<T
subject to Pikt:{ i(rir2)k - As(rdr2) ¢ F(rLr2)

0. else _ 2
\ 2 %=§Wt ©)
= P, <S, ()
T. =Min(T,, -T) ®)

F

i(rir2)

Uigrar) Kigrarzy = P (6)

i(rir2)k

R g, (1)30h B bR, SR n AN BB
RO YT 2 N (2)FE7R 80 | NI H 725 ¢ AEFTT S K
Hg B (3)IN R KRR A R ST
Filht; (4)2 R IR, BT — I 25T AT T G
AT 45 AT — 5 U 1 0 S 8 2 8 9 01 3 4
e (5)2UR A | NI H 5 b TSR o 8 (6)3X e
31 AT R4 rL B2 SR RCH) YRR,

2 T B ORI R R A Y SR TV
2.1 B FREXRIT

R B SEE(PSO) & —Fl e R A SR A BOR,
—FhEE TR BRI VAN, PSO Sk A 1n)
{10 A5 R 6 ) R 1 g DA 2 [ 381 HL A 4
R e, B R o O R s 1 L Y, A Sl
P E Ok T B AL 57 (Discrete Particle Swarm
Optimization, DPSO), K fiff K LA b BEAE B aLOuAL )
.

SR S PR E MR IO E, AN
Ferihgetr. VI Ron s | KL I, Piw Rs 4
i KT T2 I IR s B, Pow ookl 7 REAR I 22 g
SRR S E VA W 2N G AN A = KR BT L AL VA /N W8
e L

Software Technique « Algorithm K PEHEA « 592 93

© hEAEFEER ST

http:#/www.c-s-a.org.cn



2 | VA

http://www.c-s-a.org.cn

2013 4F H22% 5 2 W

V"t = ¢V, + c,rand (Pisv - Pi‘)+ c,rand (Pg‘w - Pi‘) (7

P =P @V (8)
Frh, C1. C2 Ml C3 N2 3] BT, Ci+Cy+Ca=1, rand Ky
[0, 1] EHIBENLEL. bruE PSO It A7) FIA K (8)A
Wik, A RERE R, M Ci CoR CoHIR
N KRR ZETE = AN T4 v B — Bl A RO 14k
AV BV s nE R T P b f
— A fiE P
22 BEANFREZEIH

BOHCRL RS SR SE B AR I W i 1 s

WEMRTHE. 5%
)
AR Piv', Pgw
v
RN, FOMLE (e
*\
HERTENH |Eﬁ

WA RBRT RILENE

SN S VA i A RE RIS Y

AT 2 HARPEALAR B T RE M B AL i) 7
[ TORL 1 B SRR S0 B

O BEIRLT AR T 1K 2 50 H B A0 e B A 2,

W SCA 4

@ AR A2 TR 2 R S e — AN 3
T2 YA BRI 45 1. 2 b ) TR s LU
AR T AR SRR NI TR B A
AT b 38 A1 2%

@ R LT 25 S I 1 25 b T o B e B
VKt 4% )L A HEAT RT3

@ 4R S R T B B SRR E T L,
PRAT— AR 2 350 H ¥ SR AL AL T 7 %8

© K% 7 LT B 38 UK TR 9 1
A 5 VAT 0 R T, RN T T B3 A 4R
TR E R

94 BAFHIR « 553 Software Technique « Algorithm

3 POSHLAEAS B TR HE 1) 5
b T R A S SR AR S b SR e 0, S S
TR H =K Hbsdkr itk
T O H B R C, T T M Q; I
H W% C, T T MsE: Q 34k 528k, C A%
SR, AN TG T R TRERE, HA R, Q b TR
U, AL %, Ron TR MR, BOE B
0.01~1.00 JFDx[a). A Befi B LAEIH 4 BRI
B L\
C <[600,800] =
: .TG[GO,QO] 9)
' |Q<[0.85,1.00)

AN HAT Ly R DAL B R, 4 L 1 A
3N HARMIALAL o) AT AL B, BT F(x)=(f(x), G(x)), F
H, F()Z 7R H SR G G) A PR S AT RE S, 7
BTTED P REAAE (=12, N) | R
MNHGEE TN G (x) = max{g,(x).0} j=12, N

G(x):_

AR0)H T FE R IUE, LA AR
H AL B TR B I H AR AR, SRAF TR
(ROAiAE, - ERTIE AT AR Sy it e S s I ) A7 RT3

T WRRSVEVEN S B L AR B (K b, R 5
A Ax (spread, A Al L&ﬁ)‘(ﬁ?‘éﬁ(cohvefgence metric,
y YRVEO RIS SRS i i . S,y /R
TRETE R SCRIOBRAT, AN RS TS AR S A B0
I aaAR. DA T IR LN 22 Bl SR g 1 2R 8 S 2 1
v e, N Matlab #cfE i (tic, toc) 4,
R R BOZ4T 20 VCRTHE T i a) T
X1 EER T REEER 2 Al i SE abs

> G, (x) (10)

j=1

4 A T
B 0. 0377 0. 31 87
\W 0. 1537 0. 41 112
M 0. 0843 0. 33 90

L4 TR ISR 20 YOSTIE T QSR
PRRVMTESRRRIIAL . Hoob, B RORIET IR
45 W AERIEAT RS M AR TIIM. DA
SCHRHHOSER AR TIOR8, T30
SCHRH S R A

© hEAEFEER ST

http:#/www.c-s-a.org.cn



2013 4F 5223 A 2 iy

http://www.c-s-a.org.cn

2 | N VA

4 45k

AR SCEF O BRI R A T A B TR H e B AR K
5 T ), 7 A2 VR A SR TR R TR A
M H bR, @ TR TREHEE RS H AR
PR T T O B O TR AT i, Rl S0y
PO, WS T LRI R (K 4 R, SR E TR 4 B AN
SR

Sk

1R %5 8, 5 00 R AR R A T AR M G e [ L ) R A,
2009.

2 SR ATE, K G I BORAEAR R LR MR P i S L
Hl442,2012,1:46-48.

3 Liu HZ, Yang RY. Research on Surveillance and Evaluation in
Acceptance Stage of E-government'Project. 2010 second
International workshop. on Education Technology and
Computer Science, 2910,3(]):4&1—414.

4 XURTES B PR AT, % 5L T3 A5 2 FHRERN 2 1 bk T 0.
THEHIAT L,2011,5(28):241-245.

5 TR, 2R SR L I A ) R PR R AL SR SR

figt RE AL T REA E 41, 2009,9:56-60.
6 JRZLA SR FE AT 2 H AR T I BRI AL — B 2 T
T T2 24 4),2012,2(34):59-64.

7 ZFPHEE AR EE T 2 HAR YUK EL IR 15 B R I P
25 P, 2007,17(425):17-22.

8 X%k, B TR AR AR A TR B 2 H AR TE RO SR 11
PR AEBUT R RS2 AR (A AR R ), 2004,11(22):35-38.

9 RN, M G AR R A A A R R A B v )
JH. PR 1 1,2010,11(10):48-51. §

10 53T, 07 T 0L TSRO TRESE IV U2 R F £ 00
H Bt LA BT 8 AR, 2011,1:34-36.

11 Jafarpour B, Meybodi-M R, Shiry S. A hybrid method for
optimization. Proceedings of the IEEE International
Conference on Intelligent and Advanced Systems. Kuala
Lumpur, Malaysia: IEEE Press KLConvention Center,
2007,59-60.

12 Clerc M. Discrete Particle Swarm Optimization-lllustrated
by the Traveling Salesman Problem.[2001-12-19]. http://

www.mauriceclerc.net.

(55 107 )

[7 IR Ji AT S ) K AR 0 €0 R AR IR B R IR 2 P 45
B IINAE B DASRAT SEAF ( ERERASCR.

52 3Lk
1 Foresti GL, Micheloni C, Snidaro L. Active video-based

surveillance system. IEEE Signal Processing -Magazine, *

2005,22(2):25-37.

2 Comaniciu D. Kernel-based otaject tracl{'ing. IEEE Trans. on
Pattern Analysis and Machine Intelligence, 2003,25(5):564—
577. .

3 Li JQ, Lu HB, Du WF. Improved Multi object Detection and
Tracking Method Based on Mean Shift Algorithm.
Information an International inter-disciplinary Journal, 2011,
14(3):1075-1080.

4 Han J. Fuzzy color histogram and its use in color image
retrieval. IEEE Trans. on Image Processing, 2002, 11(8):
944-952.

5 Ju MY, Ouyang CS, Chang HS. Meag] shift tracking using
fuzzy color histogram. International Conference on Machine
Learning and Cyhernetics, Qingda',"2010: 2904-2908.

6 ittt dhe T Al K 2 th i, 2000.280
~282.

7 P‘al NR, Bezdek JC. On cluster validity for the fuzzy C-
means model. IEEE Trans. on Fuzzy Systems, 1995, 3(3):
370-379.

8 Kolen J, Hutcheson T. Reducing the time complexity of the
fuzzy c-means algorithm. IEEE Trans. Fuzzy Systems, 2002,
10(2):263-267.

9 JR RN, T AT M T RS ) P A S IDR R PR 1 O I AR SR 2K
BiAY . 1 224k, 2010,36(11):1544-1556.

10 Ning J, Zhang L, Zhang D. Scale and orientation adaptive

meanshift tracking. IET Computer Vision, 2012,6(1):52—61.

11 PETS2006 Dateset S7 Camera 4, ISCAPS Consortium.

ftp://ftp.cs.rdg.ac.uk/pub/PETS2006/S3-T7-A.zip.

Software Technique « Algorithm K PEHEA « 592 95

© PEREEBRLEHTT

http:#/www.c-s-a.org.cn



