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Prediction Model of Bayesian Classification Algorlthm Applled to Control Sintering
Temperature in Rotary Kiln

DING Gang-Jian, ZHANG Xiao-Gang
(College of Electrical and Information Engineering, Hunan University, Changsha 410082, China)

Abstract: The sintering temperature in rotary kiln is usually hard to be stable because of complex industrial
environment. In this paper, we present a prediction model based on Bayesian classification algorithm to predict the trend
of the amount of feed coal for controlling the sintering temperature in rotary kiln. To avoid the influence of attribute
independence assumption of Bayesian classification algorithm, the FastICA algorithm used to find the independent
components of the working condition data set in rotary kiln. Then we use AdaBoost algorithm to find a best classifier.
The final simulation results show that the model has better control performance.

Key words: naive bayes; prediction model; rotary kiln; ICA; AdaBoost
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