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Object Tracking Using M ean-Shift Based on Comentropy
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Abstract:

Video object tracking technology has great applied valuein the fields of traffic and military. In this paper, a

video matching object tracking algorithm, which is comentropy-based, is proposed. First of al, the concept
of comentropy is introduced. Secondly, the feature of the video object is described by comentropy, and the
algorithm which combined with mean-shift is designed with feature match in two different feature spaces,
RGB and HSV. Finaly, the experiment smulation is presented. The experiment results show that the
proposed algorithm can track the object steady and real-time. This algorithm can achieve the desired effects

and it isapractical agorithm.
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