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Framework of Classification Based on M ulti-Value Decomposition and Multi-Label L earning

Abstract:

SHEN Liang-Zhong, CHEN Sheng-Kai, HU Jie-Zhen

(City College, Wenzhou University, Wenzhou 325000, China)
Classification of, multi-valued and multi-labeled data is about a sample which is not only associated with a
set of labels, but also with severa values that include some attributes. This paper proposes a multi-valued
and multi-labeled learning framework that combines multi-value decomposition with multi-label learning
(MDML), using four strategies to deal with multi-valued attributes and three classical, multi-label
algorithms to learn. Experimental results demonstrate that MDML significantly outperforms the decision
tree based method. Meanwhile, combined methods can be applied to various types of datasets.
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