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Abstract: With the widespread use of Internet, an increasing.number of users are inclined to share personal details and
emotion on social platforms. These online text data often capture genuine expressions in various contexts, reflecting the
users’ internal psychological traits and personality tendencies. In recent years, research on personality detection based on
social media text has made significant ﬁrogress. However, most researchers rely on unprocessed public datasets, which
inevitably contain noise due to their collection process. In addition, there is an over-reliance on semantic features
extracted by pre-trained models, with insufficient attention to psycholinguistic features. To address these issues, this study
proposes a novel method for personality detection. First, a plug-and-play data cleaning module based on confident
learning is used to remove noisy data and improve dataset quality. Second, multi-level psycholinguistic features are
extracted to complement the semantic features of the text. The proposed method is evaluated on the public Kaggle MBTI
dataset, with results showing that, compared to existing advanced methods, it achieves improvements of 5.48% in
accuracy and 4.22% in F'l-score.
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'https://www.youtube.com/watch?v=3sT569-ftd --- True 0.000878 88987 1 0
'I love you, I loved you Don’t open my -+ False 0.9999958 0 0
'When s/he seems afraid to tell you that W - False 0.53370273 1 0

N

SR < A e R O 1 A P A

T Ve 5 13 B AN NS LB T 000 e 75 2508
b 6 s, BEAS NS4 B LA A [R] R g 2R

B, o M P R AT 1o, A R e S T A
FOF IR, A BEATE — AN S . DI R )
AR AT IR, 18 DR Ik R 5 27 30 1) 5 o 1 1) 45
TEFR R ARSI S, R, S T A5 AR R 8 45 21 5 £
SR, SRR S, A WAL,
3.5 XJEESCiE

N T BT SR A VP R B, SR FH DL RS A DN A
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RIVE R A AT LU

Transformer-MD"*): iZ #5738 i BERT Xt H 7 b
T HEAT IR 2 65 A7 il 7 A A7 o, A4 1T LA 1)
B — AN 45 .

TrigNet"*): iZEAILE LIWC w4 F — Fh ek (1)
GAT K& ih -+, HAE RO BIE T 22 HiR M 2 Bk 5
AT 55

Novel-PDP): 1245 71 3 ik %5 98 1 58 45 AR 35 B
S S R A PR, R 5] NGO EEHE F SRR IE
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T KSR,

Longformer-MLP": ZA5 A1 25 & 15 B0y 5 N A
IAE S5, JF I I A1 318 IR v A5 B Xof SO B 4 kAT 184
588, AT 2 e A R

0o | = TR = WA R
80

60

W A o5 L (%)

40 |

20

RN

E/I N/S F/T P
N R

Ble HdmiEpiaii

ER 5. K6 h, RWHT TGRS CAMBT 4
RkAT T HEL igﬁ%%i’%‘iﬂ,d‘ﬁﬁﬁiﬁﬁﬁﬂ, AR
H A TTATE S ANASYERE DRI . RAETE N/S 4EFZ 11
FUEARIE B AR, AHAR S5 A HoAd 2 2 1) 2 I 5 R
Pt ARSI . 5 TR AL B Longformer-
ML BEAYAH B, AR SO HER 22~ B4 & 1 5.48%,
F1ETHRE T 4.22%.

£S5 RIS RE R (%)

Jri: E/l N/S F/T /P ¥E
Transformer-MD 76.69 86.45 78.21 67.98 77.33
TrigNet 7743 8637  78.07 68.06  77.48
Novel-PD 7951  87.09 7724 7187  78.93
Longformer-ML 8593 9222 8438  80.69 858l
KA 91.77 94.06 93.06 8627 9129

F6 XL FIESR (%)

Ji E/ N/S F/T /P ¥IfE
Transformer-MD 66.08 69.10 79.19 N 67.50" 70.47
TrigNet 69.54 67.17 79.06 67.69 70.86
Novel-PD 78.68 87».39" 77.34 70.36 78.44
Longformer-ML 79.57 81.69 84.74 79.33 81.33
AT 85.54 79.26 93.04 84.38 85.55

AR PR 2575 F BB Transformer-MD, H T
AHR BT 51— [ SCARAE SRR, H & T e bR 8K T 3
AR, X — S5 RAG IR W], 5 2 B IR O HETE S
FHIERE WS P2 2 H P s R S AT AT U S B M
EE T A T I 25 K 1 Novel-PD ISR FH 5 24 11 25 ¥4 1
TrigNet, A3 J5 v i 2 2598 i 1 45 AR Y 48 38 i 4 A8
SRR EUHE, e 0% B8 L 1 3 A B8 P9 0 ) 5 R AR A,
TG E— 5 T T R A AE A R AT 55 Hh () R IR, 3R

197 PR R I e A B T RIS 5 15 e 40 HT A T A
VE & HI Longformer-ML, A K kT OHIES
23] BB 5 L B S AR HL RS MR RS L,
FIF- TR N IR A 2% (9 AR, BT AE T kR  34E—
BARTE. IR, A2 SCHR 03T B A 2 ST (0 SR v 0y
VAT RO D> T B S R R P S, B (R 7 T
R B OO L AT N, BRI T IR A ek 04, M
TR TE T HEB R F1 A

3.6 HRESCIE \ \

9T Y R A, B EE Kaggle MBTI
e e b AT VI L8, RO S F L NI
win A b= S

; S, SR B R L A O B 2 A
AT SR U6 MO TS A KA 8 B, A7
SPUF S AT T XL

OB S E : 78RS (0 B AN T
LI 0 B T 5 AT

PRI TR (G AT B A5 2 ST SR
TP, 7 A A GBI ST R, BNk
TR T B, (ELR 7543 FE S 2 1 ) .

PRI TR CRHE ) RN T E (52 ST KR
PR, L P A S 0 1 R 5 o 3
[ 943 2% B SR A S A .

R 7 SRR oy T 0T A B
ARSI, IR FREh 2 MUE HEAT 3T 8 (52 ST i
%&?Ei%iﬁ'ﬁ.j%iﬁ'ﬁ)%%ﬁﬁﬁﬁ\)ﬂ?*ﬁﬁéﬁﬁﬁrﬁiﬁswl%,
195 A

0 B 2 SR A SRS VG T TR 0 0 B
V5 SERAE 5 AR SO 1 B e B AR 45 A, MR
B LA

WS G BN R 7. % 8 iR, LR RE
B, JE 8 AN 0 BRE 25 2R AE, T AT T B £ 2
ST BRI 0, AR [ B R F L A S [
FE AR TE. SRR AE 5 A 4 FE O R L2 Sk, L
LT 0 B 05 FRAE L FIAE 3 S HIE IS, AR
E/T 455 (0 SR AT T, (EL7E 3EA 3 ANk DL F
PR L H A AR AR R O R, F S B A T2 7, 1%
W10 BIE 5 SR X SCARE LS B AN AR, B
R IR R T A5 2 ST MR v, At
B PR S (AR 4 S0 25 AR, T 5 R 14 1 e
e ER TR 78 4 R 2 A R B B L, S e R
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AT, JCHAAE S A S AN ST N/S G- |
KU Y] & T2 TR AR 17 & A B TS BERCR th A
PR B, JRRE T ARAE T IR 1 2 Fegs b AT AL %
A, RREIE v S 0BRSS RHIE S A S T
RAERIVERE, BRI TR A HER R A FUE, 3t
R T HCHE S e 0 ZEE AL O BEAE 5 AR AE A I
RERVE RESR T A H R L

7 THBRhSZIGHETR RS R (%)

T E1 NS FT Jp
FEHERRAY 79.42 83.40 80.12 68.01 77.74
O HE F SR 7931 83.52 80.40 68.65 77.97

U EIE Y (R4 BI{E) 84.74 91.37 88.53 79.50 86.04
HARIE DR (RFAE A ) 86.04 91.92 91.69 82.59 88.06
+HHHEIE 91.11 93.73 92.11 83.33 90.07

L BE PRI BE 9177 94.06  93.06 86.27 91.29

F 8 IHERSR F1HE R (%)

ik EL,  NS' BT yp i
FEUERE Y ' 6795 63.37 79.90 66.69 69.48
+OINE SRR 68.70 65.55 80.32 67.31 70.47

AR (G S BME) 70.15 6134 88.52 77.03 74.26
AR B (RRAE ) &) 77.33 7496 91.65 80.60 81.13
AR B 84.65 78.17 92.06 82.14 84.25
LS T FAHE SRS B 85.54  79.26  93.04 84.38 85.55

3.7 BRAZHMS
N T B8R B I R S 56 RO AL, A I R Y
BRI TrigNet (https://github.com/TaoYang225/
TrigNet) F#EAT 7 Y1250
9. R0 R 7R ba s AE vt e 2 i
LIRS R,
R 9 ALTESEIHEA R LR (%)

HimsE E/l N/S F/T P YA
JRUEHAR 77.43 86.37 7807 | 68.06 77.48

15 A A 90.70 93.40 . 92.18 80.05 89.08

|
F10 AT F1ESE (%)
AE/TE S E/l N/S F/T P ¥l
R G A 69.54 67.17 79.06 67.69 70.86
T B 81.52 74.44 92.09 78.09 81.53

S S5 R AR, i e e BB R AR 35 s T
AT P RE, UE W] T AR ST I B T BT R I
23 NEPE AN TG AR AERA R 5 T, TS e e Ak
¥, TrigNet BLALLE NA% 1) 4 N2 B2 3556 AN R R BE 1)
e, R R EAR R T 11.6%. ££F BT, Trig-
Net 157 [ e I 4 5209 1 6 (0 2403 7 4 DN EERE Y
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FUH b, A5B855I R TE R N 13
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4 gwE5REE
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R 19 DA AT, 2R 22 B M R 75, 9
SR SURFIE 55 0 2 A R S R T AR
R RS SC0 s A, S 3 Mo 07 5,
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TR A AT e R, BT, 0B35S AR 3 A
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B AT 2, 51N T S i e 0 SR, i — 25 9
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T LA — 25 R O 45 A AR R 1 e B TR 2, )
TR RN .

SR, RS0 7 5 A7 7E — 2 1 o B . R
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B2 T 51 45 4 A2 XRTE 177 SUAE b
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