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Cross-modal Person Re-identification Based on Improved CLIP-RelD

JIA Jun-Ying, YANG Xin-Ru, YANG Hai-Bo, XU Zhan
(School of Information Science and Engineering, Shenyang University of Technology, Shenyang 110870, China)

Abstract: Narrowing the difference between modalities is always challenging in cross-modal person re-identification
from images to texts. To address this challenge, this study proposes an improved method based on éoﬂfrastive language-
image pretraining-person re-identification (CLIP-RelID) by integrating a context “adjustment network module and a cross-
modal attention mechanism module. The former module performs a deep nonlinear transformation on image features and
effectively combines with learnable context vectors to enhance the semantic relevance between images and texts. The
latter module dynamically weights and fuses features from images ahd texts so that the model can take into account the
other modality when processing the information of one modality, improving the interaction between different modalities.
The method is evaluated on three publie dataséfs. Experimental results show that the mAP on the MSMT17 dataset is
increased by 2.2% and R1 isjincreased by 1.1%. On the Market1501 dataset, there is a 0.5% increase in mAP and a 0.1%
rise in R1. The DukeMTMC dataset sees a 0.4% enhancement in mAP and a 1.2% increase in R1. The results show that
the proposed method effectively improves the accuracy of person re-identification.

Key words: person re-identification; cross-modal; attention mechanism
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F (mean average precision, mAP) £ NIEAT FEFR. R1 &
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