MRS ISSN 1003-3254, CODEN CSAOBN E-mail: csa@iscas.ac.cn
2025,34(1):190—199 [doi: 10.15888/j.cnki.csa.009721] [CSTR: 32024.14.csa.009721] http://www.c-s-a.org.cn
O R 27 B AT W I AL A Tel: +86-10-62661041

—H- ‘£ \ \YE >l 3 Y
B TR FNE AR/ NMER X ZR
— or ®
= JL4AMEY
X, XA, 4
(W ZRBHER2E tHENURLE S TR 20, 5 5 266590)
IBAE1EE (7 4E{&, E-mail: niweijian@sdust.edu.cn
BT R /R AR 5 = SR AL A LA e B4 o 17 7 4 A = 0L D R ok % SRR i 4
()8 SORH AR 88 1) 5, 41t 17— Aol T ASE L 6 AR SORH AU T P /R AR R R = Se Al U7 ¥ 1277 10k —#f
FER RPN, SEARTR A = To A HX 3 MEHA MR FALH, = RO B W 520 P A E R 2 AN R R =00
. AE KRG 4Y, ¥ BILSTM AV =& A7 LI A &, LASE I g B 2 FIZE SCAR 1A 1 B 6. b, A SR
FB BTt T b TR SOMABM A FHE T P 77 925 R i ) T e A A B S S L UL S B 2, A I T TR U K B R
ERPs" FiHT T KEMSL. SR8 TR, FHECT AR L8, Frd@ A A4 B IE B 1 B 2 TR Ak i) 06 &R =0 4H
A5 KA
K HEIR): B TNRS %%Eﬁ:éﬂi‘ﬂﬂﬁl; ANRRARE ST SRS s 5 SUR B

SRR XU, XIS A A i T UL A AT SO HEIRT IR AN REAR OG 3R = e T HEENL R G FH,2025,34(1):190-199. http://www.c-s-
a.org.cn/1003-3254/9721.html

Few-shot Relational Triple Extraction Based on Module Transfer and Semantic Similarity Inference
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(College of Computer Science and Engineering, Shandong University of Science and Technology, Qingdao 266590, China)
% \

Abstract: Existing few-shot relational triple extraction methods often struggle with handling multiple triples in a single
sentence and fail to consider the semantic similarity between the support set and the.query set. To address these issues,
this study proposes a few-shot relational triple extraction method based on module transfer and semantic similarity
inference. The method uses a mechanism that constantly transfers aniong three modules, namely relation extraction, entity
recognition, and triple discrimination, to extract multiple relational triples efficiently from a query instance. In the relation
extraction module, BILSTM and a self-attentionsmechanism are integrated to better capture the sequence information of
the emergency plan text. In.addition, a rriethod based on semantic similarity inference is designed to recognize emergency
organizational entitiesjin sentences. Finally, extensive experiments are conducted on ERPs’, a dataset for emergency
response plans. Experimental results show that the proposed model is more suitable for relational triple extraction in the
field of emergency plans compared with other baseline models.
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