LRGN ISSN 1003-3254, CODEN CSAOBN E-mail: csa@iscas.ac.cn
Computer Systems & Applications,2023,32(5):67—76 [doi: 10.15888/j.cnki.csa.009105] http://www.c-s-a.org.cn
O E RGBT TR . Tel: +86-10-62661041

i L= =E 3 S ZAMLY ©)
Ak ITIREBHERT eIt SN B
KB, Ata’

(B 5 B WA KRN, 443 221000)

(FEFEWS R UTRREESIEIE R, 151 221000)

THAS1E#: XIFE P, E-mail: 1746618275@gqq.com

B O RTHI A S b (s B O AR T B ST S BERE ), Rt T — AT Spark A AT IR RO £
PEOTRIAL T & . LIl (8 B4k R G AW Bk N 4% B0 s R EE B N FEmt, FIF Spark 1145 %I%%ﬁfc Kafka J8 .5 A%, i
F3 Hive 5¢ EE 71 3% FE 1) 2 3L A, 3£ T Spark RDD #1 Spark SQL 78 S BUE AL FE 5 A2 B, FH%$E Vue HEZL ik
A ECharts 201 5¢ A A1 4 2038 v AL 40 230, #%%Xﬁﬁﬁ?‘i%ﬁﬁ?imlﬁ&ﬂi AT 4 SR MERERSR
wEHEA, P e B &R A 5B HTRE 1, BEEEE IF ST I vk AT PRI S AN 1A

FRHEIR): AT ORRE; R EE; KEORE A3 & BR AT AL; Spark; 2555850 ; FdE o 4

5] A% i’UEBHﬁkﬂ‘*’&.%ﬁﬁ%ﬁ%ﬁ%%ﬁlﬁ\ﬂmwﬂjﬁiﬁﬁ“—'ﬁﬁjfﬁ.ﬂ“ﬁﬂ%@é}fﬁjfﬁ,2023,32(5):67—76. http://www.c-s-a.org.cn/1003-
3254/9105.html

Design and Application of Visual Data Platform for Station Flight Support
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Abstract: For better data application and management capability of air-force stations in information construction, this
study proposes a Spark-based visualization platform for flight security big data at the stations. On the basis of the data
collected with the station informatization system and Internet of Things (IoT) data, a Spark compuiing engine is used to
integrate Kafka message queues, and Hive is used for the establishment and storage of a data list library. Data pre-
processing and interaction are completed on the basis of Spark RDD and Spark SQL, and the Vue framework is selected
to embed ECharts components to visualize front-end data display. Fiﬁ’fllly, the design solution is implemented and applied.
Compared with the current business-isolated information=system construction mode, the platform has higher abilities for
data fusion and processing analysis and can better realize the value of flight security data at the stations.
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