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Survey on Graph Database Devglopment

LIU Yu-Ning, FAN Bing-Bing ¢ ‘

(School of Computer Science, South China Normal University, Guangzhou 510631, China)

Abstract: With the discovery, management and application of data associations, graph databases develop rapidly. By
analyzing the concept, model and structure of graph databases, this study summarizes the characteristics of graph
databases. Regarding graph databases, the study expounds their three key technologies, compares existing products, and

summarizes their current application scenarios. Finally, it proposes the trend of graph database development in the future.
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