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Short-term Wind Speed Prediction Based on EEMD-GRU Network Model

YANG Rui, XU Hong, WEN Wu
(School of Computer Science, Chengdu University of Information Technology, Chengdu 610225, China)

Abstract: For the low prediction accuracy caused by the inherent vibration and nonlinear characteristics of wind speed
signal, a combined model of the ensemble empirical mode decomposition (EEMD) and the gated recurgent unit (GRU) is
proposed to predict the wind speed. Firstly, the model normalizes the data and removes outliers by isolated forest. The
wind speed is then resolved into signals of different scales by EEMD to obtainistable compoﬁént signals with the non-
stationary data removed. The component signals are trained by the GRU rﬁbdel, from which the predictions are
accumulated to obtain the final wind speed. The data collected in fhe field are applied for the experiment. The results
show that the EEMD-GRU method has a significant irriprovement in the prediction accuracy compared with the
dominated EEMD-LSTM and EMD—LS"le methods.

Key words: wind speed prgdiqtion; ‘ensemble empirical mode decomposition (EEMD); gated recurrent unit (GRU);

decomposition; combined for‘ecasting model
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