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API Knowledge Graph Construction Based on Multi-Source Information Fusion
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Abstract: API-related knowledge is usually scattered among multiple information sources, suqfch"as API reference
documentation, Q&A forum and other unstructured texts, which is not conducive to API query and retrieval. To improve
the efficiency of API retrieval, this study proposes an API knowledge graph donstrucion method based on multi-source
information fusion. API reference documentation describes the fﬁnction and structure of the API from a designer’s
perspective, while Stack Overflow provides the purpose and use scenarios of the API from a user’s perspective. API
reference documentation and Stack Oyverflow complement each other, and they can provide support for API query and
retrieval together. By means of analyzing API reference documentation, API and domain concepts can be extracted as
entities and their relatAionships\'can be constructed. With the Stack Overflow website, Q&A and API concepts can be
extracted as entities and their relationships can also be constructed. On this basis, these two kinds of information are fused
to construct a multi-source API knowledge graph for the API recommendation based on the knowledge graph. To verify
the proposed method, this study evaluates the effectiveness of the API knowledge graph in terms of the accuracy of
knowledge extraction and the API recommendation. The experimental results show that the recommendation effectiveness
and efficiency based on our knowledge graph have been improved.
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44524901 How to do product of matrices in PyTorch? 6
54716377 How to do gradient clipping in pytorch? 2
48152674 How to check if pytorch is using the GPU? 7
50544730 How do I split a custom dataset into training and test datasets 1
55546873 How do I flatten a tensor in pytorch? . 4
53841509 How does adaptive pooling in pytorch work? ! 4
53266350 How to tell Pytorch to not use the GPU?  © 2
53879727 PyTorch-How to deactivate dropout in eval‘uéation mode? 2
47197885 How to do fully connected.batch norm'in PyTorch? 4
51136581 How to create a normal distribution in pytorch? 4
%3 RS AR 3.22 A3 AKG-CMISF %t APT FIHER B HT
J5 i H 1 A%k Flf AL ARSI ARE SRR R 3 PR AR, HR (Hit
XGBoost Oy 0847 0834 0910 Ratio) f6. MRR (Mean Reciprocal Rank) f1 MAP
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How to do product of... 3 3 3
How to do gradient... 3 3 3.6
How to check if... 4 35 35
How do I split... 3.5 3 4
How do I flatten... 3.6 3 3.6
How does adaptive pooling... 3.5 4 3.5
How to tell Pytorch... 45 4 4.5
PyTorch-How to deactivate... 3 3 35
How to do fully connected... 4 35 4
How to create a... 4.5 4 4
AVERAGE 3.6 3.4 3.7
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