LRGN ISSN 1003-3254, CODEN CSAOBN E-mail: csa@iscas.ac.cn
Computer Systems & Applications,2021,30(9):138—144 [doi: 10.15888/j.cnki.csa.008060] http://www.c-s-a.org.cn
O E RGBT TR . Tel: +86-10-62661041

£ AERF B0 HLA BTN e
W, FIRz, B :
CPEARS (BR) THENURRE S EAR B, 5 5 266580)
WIAES: 25783, E-mail: likw@upc.edu.cn

fif B W IFEEIE AL RIETT R DAL TR it P B R T 7 s e T S TS (LR, 2B R 2 51 S i AT T
FE, DB IR A o L A St 5 DR A L BT, S At e % 4% R RS e i FH R e
B FRARYES A B R BAT AR OSBRI EL. D T AR DR HE I K A A A A ) R, ARSI
T 6 LA AR (ADASYN) FUEHE ARSI Z i 2 (ENN) 39 R AR5 85 R AR ET 7 15, 45 Tl 2K 5y s s e o
AL AR AR TIAT A B, 5 2245 FH LA PR B3 0k A s ) B V11 25, K03 HH AERF 8 R B2 SR 00 v - 425
W, UG S5 R W, SR I AERF R 7R i O S5 iAo b T SOR SE A, W B R i 1 TRS .

KBRIR): S5 T, AP #zti’g%ﬁf; Efiiae

51 A% ﬁﬁ%,é%i,éﬁi%? AERF 5  f) 3k 3 45 i 5000 SEHL R 485 H,2021,30(9):138—144. http://www.c-s-a.org.cn/1003-
3254/8060.html

Prediction of Oil Well Wax Deposition Based on AERF Model

CHANG Yi-Hao, LI Qing-Yun, LI Ke-Wen
(College of Computer Science and Technology, China University of Petroleum, Qingdao 266580, China)

Abstract: Wax deposition in oil wells seriously affects the normal production of oil wells during the development and
production of oilfields. This phenomenon will block oil flow channels and reduce oil production duting the production of
oil wells. Wax deposition prediction in oil wells and advance maintenance of oil well equipment are pivotal to higher
production capacity, lower maintenance cost and more intelligent management. To solve the problem of serious imbalance
between the normal data and wax deposit data of oil wells, this study introduces two processing methods of non-
equilibrium samples, ADASYN and ENN, which deal with the non—harafﬁn and paraffin samples separately. Finally, the
random forest algorithm is used to integrate the training data set, aﬁd the intelligent AERF model is constructed to predict
the wax deposition in oil wells. The experimental results show that the AERF model proposed in this study has a better
prediction effect in the wax deposition data set of oil wells, greatly improving the prediction accuracy.

Key words: wax deposition preaiction; unbalanced data; sample equilibrium; sampling
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