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Application of BILSTM_DPCNN Model in Work Order Data Classification for Power Customer
Service

LI Can, TTAN Xiu-Xia, ZHAO Bo
(College of Computer Science and Technology, Shanghai University of Electric Power, Shanghai 200090, Chiné)

Abstract: The power customer service order data records the demand of power users in text. A reasonable work order
classification method is helpful to accurately identify the demand of users and improve the operating efficiency of the
power system. To solve the problems of sparse feature data and strong dependency of work order data, this study
optimizes the structural model that combines character-level embedded Bidirectional Long-Short-Term Memory network
(BiLSTM) and Convolution Neural Network (CNN). Firstly, this model obtains the feature representation of text by noise
reduction on the term vectors trained by ;che Word2Vec model. Secondly, it uses the BILSTM network to recursively learn
the time sequence information of the text to extract the feature information of sentences. Finally, those obtained are input
into the double-channel pooled CNN for the extraction of local features. The test experiments on the real work order data
set of power customer service demonstrate that the model has good accuracy and robustness in the task of classifying
work orders of power customer service.
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