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Software Reliability Prediction Based on PSOABC-SVM Model
JIA Ji-Ting

(Department of Computer, Xi’an University,of Posts'and Telecommunications, Xi’an 710121, China)

Abstract: Software reliability prediction can predict the fault-prone modules at the early age of sofrware development.
And it is important t0 improve the credibility of the software. In order to improve the effect of software reliability
prediction, this paper proposes a PSOABC-SVM model to predict software reliability, and puts forward a model of
predicting the software reliability based on PSOABC-SVM. The experimental results show that this model can achieve
more precise prediction results than other prediction models such as BP neural network and PSO-SVM. The
PSOABC-SVM model is more applicable for software reliability prediction.
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