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Web-Based Agricultural Data Mining Platform
LUO Feng-E

(Department of Communication & Control Engineering, Hunan Institute of Humanities, Science&Technology, Loudi 417000, China)

Abstract: As the agricultural data has such complex characteristics as seasonality, timeliness, multi-level nature as well
as novelty, furthermore, the pFesent data mining software is closely coupled, data mining algorithms is hard to reused
and inflexible replacgd, this paper presents a theoretic framework for Web-based agricultural data mining platform.
Then, it implements prototyping platform called agri-Miner with Responsibility Chain Pattern, thus to ensure this
architecture to be scalable and data mining arithmetic to be replaced. Finally, this platform is successfully applied in data
analysis as plant diseases and insect pests, so to verify its effectiveness of Web-based agricultural data mining platform.
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public class AprioriHandler extends‘AbstractAssociator
implements CARuleMiner, Basicl—,landle? {
public invoke() throws Exc‘eption {

IEARE, SR I

e

double[] confidences, supports;
Fast\Vector[] sortedRuleSet;
instances = new Instances(instances);
% m_car Al m_metricTyle AN T 515 &
if (m_car && m_metricType != CONFIDENCE)
getCapabilities().testWithFail(instances);
I 5E F F 2D — ALl
double lowerBoundMinSupportToUse=
m_lowerBoundMinSupport;
if(m_car){
m_instances = LabeledltemSet.divide(instances,false);
m_onlyClass = LabeledltemSet.divide(instances,true); }
else{ // 3% s/ S0 FE FL B $ B Sad i AL
m_minSupport = m_upperBound?\/IinSupport - m_delta;
m_minSupport = (m_minSuppbrt < loweMinSupportToUse)
? lowerBoundMinSupportToUse: m_minSupport;}
11 H 3 5 KT K SR
findLargeltemSets();
if  (m_significanceLevel!= -1 ||
CONFIDENCE) findRulesBruteForce();
else findRulesQuickly(); }
I 35BS R U R

for (inti = 0; i < m_allTheRules[2].size(); i++)

m_metricType I=

supportsl[i] =
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(double)((AprioriltemSet)m_allTheRules[1].elementAt(i)).supp
ortindices = Utils.stableSort(supports);}
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No RIRIC /mm SIC /mm (B i)
! T.Avg Jan. R. Jan. T.Avg Apr. R. Apr. Chilo suppressalis
1 14 314 16.1 86.3 99
2 -1.0 323 176 150.2 132
3 -0.8 730 143 170.2 232
4 14 210 15.0 230.0 256
5 -0.9 974 14.2 307.1 284
6 14 311 159 2348 137
7 4.0 293 159 722 38
8 2.7 213 177 12.1 198
9 38 35 16.2 94.0 102
10 -0.1 16.5 16.2 150.0 410
11 -0.5 209 17.2 87.0 130
12 34 2.09 17.0 83.0 128
13 22 15 176 1217 223
14 14 325 145 2320 312
15 0.2 80.5 146 250.0 267
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Best rules found:

(1) Chilo suppressalis='(-inf-131]' 5==> R.Apr.=
'(71.1-1006] 5  conf: (1)

(2) R. Apr.='(71.1-100.6]' 5 ==> Chilo suppressalis=
'(-inf-131]' 5 conf: (1)

(3) R. Apr.='(218.6-248.1] 3 ==> T.Avg Jan.=

'(1-15]" 3 conf: (1)
(4) T.Avg Apr.='(-inf-14.55]' 3 ==> Chilo suppress-
alis='(224-317] 3 conf: (1)

(5) T.Avg Apr.='(17.35-inf)’ 3 ==> Chilo suppres-
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salis="(131-224] 3  conf: (1)

(6) T.Avg Jan.='(3.5-inf)' 2 ==> R. Apr.= '(71.1-
100.6]" 2 conf: (1)

(7) T.Avg Jan.='(3.5-inf)' 2 ==> Chilo suppressalis='
(-inf-131]" 2 conf: (1)

(8) T.Avg Jan.='(-inf--0.5]' Chilo suppressalis=
'(224-317]' 2 ==> T.Avg Apr.='(-inf-14.55]' 2
conf: (1)

(9) T.Avg Jan='(-inf--0.5]' T.Avg Apr.='(-inf-

1455]' 2==> Chilo suppressalis='(224-317]' 2
conf: (1)

(10) R.JJan.='(30.27-39.86]' R. Apr='(218.6-
248.1]' 2 ==>T.Avg Jan.='(1-1.5]' 2 conf: (1)
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