LRGN ISSN 1003-3254, CODEN CSAOBN E-mail: csa@iscas.ac.cn
Computer Systems & Applications,2024,33(4):202—208 [doi: 10.15888/j.cnki.csa.009442] http://www.c-s-a.org.cn
O ERFEBE AT B TR . Tel: +86-10-62661041

RS SERFIE R ST E NS FUR R R
FHERAL

TR, X, ST, ORI W, sk B 7 18, T
(F BB (BP0 THEALEBE, I 430078)

W{S/E#: 527, E-mail: wxning@cug.edu.cn

O BT R B R OC R AU VR AT DL b e N TR R S S R RAR, L2 I P AT P
FAT S5 b SR, DA 1328 R B 56 AR A R g Vo AT e M AN i, ()], 22 T X ST SRR (S S R N T
filp e bR TR, R T R SRR A 22 Bl SR S AL Ok SR Al UEE A PCNN-EFMA. A58 SR FH e 75t £ A
2SI AR, AR N ThRE. [, ST sk e F B e s (s i, AL T ) i A AL N R X
PRI R ), FRAE RN B ANA) IR Rl & SR RMIESS B, B0 1 R 3R 7). SEBe R I, XY A 4
WARAE B PR MLk 4, H7E P@N L ISBIERG R LT PCNN-ATT B,

K HEIR): ¢ ARG iR B ?\i%ﬁjﬂﬂ%ﬂ; SEAAFAIE

BIRME R E R XUTEDE, S U 5 2 SCA, W 3 e, L BT 2 i 7 S R % % B 8 0 WL B B8 R SRR i LWL R 5
FH,2024,33(4):202-208. http://www.c-s-a.org.cn/1003-3254/9442 html

Domain Relationship Extraction Model Integrating Entity Feature and Multiple Types of
Attention Mechanisms
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% \
Abstract: The relationship extraction method based on remote supervision can cut the cost of labor-based annotated

datasets and has been widely used in the construction of the domain knowledge graph. However, the existing remote
supervised relationship extraction methods are not domain-specific and also neglect the utilization of domain entity
feature information. To solve the above problems, this study propoAs‘és a relationship extraction model PCNN-EFMA that
integrates entity features and multiple types of attention mechanisms. The model adopts remote supervision and multi-
instance technology, no longer limited by labor-based annotation. At the same time, to reduce the impact of noise in
remote supervision, the model uses two types of attention: sentence attention and inter-packet attention. In addition, it
integrates entity featuro; infofmation in the word embedding layer and sentence attention, enhancing the model’s feature
selection ability. Experiments show that the PR curve of this model is better on the domain dataset, and its average
accuracy on P@AN is better than that of the PCNN-ATT model.

Key words: relationship extraction; knowledge graph; attention mechanism; entity feature
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WE: word embedding, PE: position embedding, BE: BIO embedding, RE: relation emb%ding
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