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Feature Selection Based on Granularity of Knowledge Rough Entropy and Improved Artificial
Bee Colony Algorithm

SUN Ya-Zhi, JIANG Feng, YANG Zhi-Yong
(College of Information Science & Technology, Qingdao University of Science and Technology, Qingdao 266061, China)

Abstract: The classical artificial bee colony (ABC) algorithm is also faced with slow convergence speed,iand it is easy to
fall into local optimality, so there are still many problems in feature selection based on this algorithm. Therefore, a feature
selection method based on the rough entropy of granularity and an impreved bee colony algorithm, namely
FS_GREIABC, is proposed. Firstly, a new information entropy model, namely the rough entropy of granularity, is
proposed by combining the knowledge granularity and the rough enfr‘qpy in the rough set. Secondly, the rough entropy of
granularity is applied to the ABC algorithm, and a fitness-function based on the rough entropy of granularity is proposed,
so as to obtain a new fitness calculation strategy. Thirdly, in order to improve the local search ability of the ABC
algorithm, a cloud model is introduced iinto the following bee stage. Experiments on multiple UCI datasets and software
defect prediction datasets show that FS_GREIABC not only selects fewer features but also has better classification
performance than the‘existing feature selection algorithms.
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B (R P iE BE R E B & e /D). F58 B, 76 Smart_
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b 57%, FS_GREIABC Hik R85 3815 5 /N RRAE 745,

TAFR 6 TG T 6 PRHEEFEEIETE Accuracy
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