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Image Captioning Based on Visiting Control Module and Original Information Injection

LI Yang, LU Jing, HAO Yu-Qin, WEI Xue-Yan, WU Chun-Lei
(College of Computer Science and Technology, China University of Petroleum, Qingdao 266580, China)

Abstract: In recent years, the application of scene graphs in image captioning has been increasingly tesearched. However,
the current image captioning models based on scene graphs cannot take into account the previous iﬁput retained in long
short-term memory (LSTM) networks, which may lead to missed information: Inv’;this study, we firstly propose the image
captioning network based on original information injection, which keeps the original input information as much as
possible and reduces the missed information. Secondly, we consider that the degree of the current graph updating
mechanism is too large, which may lead to the missing of node information. Thus, we propose a visit control module to
update the weights of visited nodes, avoiding such missing. Finally, we design a graph update factor (GUF) to determine
the update level. We conduct experir;lents on the official dataset: MSCOCO. The mechanism evaluation shows that our
model has achieved more competitive results compared with the baseline model.

Key words: image captioning; scene graph; visiting control; LSTM network; original information injection
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Ground-Truth: the female tennis player holds her racquet and
prepares to hit the ball

ASG2Caption: a female tennis player swings a racket to hit a ball
Ours : a female tennis player is swinging her racket as she

| prepares to hit the ball % \

% 71 Ground-Truth: a large white transit bus is parked by the side of

. @ ASG2Caption: a red and white bus is parked on the side of a
gfret ‘with buildings in the background

s : adouble decker tour bus driving down a street with
buildings in the background

. Y Ground-Truth: a cat sleeping with a remote under the cats

Bl chin

ASG2Caption: a cat standing next to a remote with a remote
control

Ours: a cat sleeping with a remote in its mouth
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