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Facial Expression Recognition Based on Mixer Layer

JIAN Teng-Fei, WANG Jia, CAO Shao-Zhong, YANG Shu-Lin, ZHANG Han
(School of Information Engineering, Beijing Institute of Graphic Communication, Beijing 102600, China)

Abstract: At present, most facial expression recognition research uses a convolutional neural network (CNN) to extract
facial features and classify them. The disadvantage of CNN is that its network structure is complex and consumes
substantial computing resources. In response, this study uses the Mixer Layer network structureibased on multilayer
perceptron (MLP) for facial expression recognition. Data augmentation and transfer learning @ethbds are employed to
solve the problem of insufficient data set samples, and Mixer Layer networks with different laye'rs are built. According to
experimental comparison, the recognition accuracy of the 4-layer Mixer Layervnetwork on CK+ and JAFFE data sets
reach 98.71% and 95.93% respectively, and that of the 8-layer Mixér- Layer network on Fer2013 data set is 63.06%. The
experimental results show that the Mixer Layer networks without a convolution structure exhibit sound learning and
generalization abilities in facial expression recognition tasks.
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