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Voiceprint Recdgﬁition Method Based on ResNet-LSTM

LIU Yong, LIANG Hong-Tao, LIU Guo-Zhu, HU Qiang
(College of Information Science and Technology, Qingdao University of Science and Technology, Qingdao 266061, China)

Abstract: Aiming at the complex process and low recognition rate of traditional methods, this study proposes a voiceprint
recognition method based on ResNet-LSTM. In this method, ResNet and LSTM are respectively used to extract the spatial
and temporal features of voiceprints. Thus, the deep voiceprint features including both spatial and terr\lporal features are
obtained. The experimental results show that the equal error rate of the proposed method is 1.196%9‘,w'hich is 3.68% and
1.95% lower than that of the baseline methods d-vector and VGGNet, respective“ly, and the recogniti“on accuracy reaches
98.8%. ! '
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