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Driver’s Lane-Changing Behavior Prediction Based on Deep Learning

HUI Fei, WEI Cheng
(School of Information Engineering, Chang’an University, Xi’an 710064, China)

Abstract: Lane change plays a vital role in traffic safety. Accurately predicting the driver’s lane change behavior can
significantly improve driving safety. In this study, a hybrid neural network based on fully connected neural network and
recurrent neural network is proposed to accurately predict lane change behavior. And a dynamic time window is proposed
to extract lane change features including driver physiological data and vehicle kinematics data. Finally, the effectiveness
of the proposed model is verified by the data in real traffic scenarios. In addition, the proposed model is compared with
five other predictive models. The results show that the proposed model has hi%her accuracy and pérspective time than
other models. :
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