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Cross-View Gait Feature Extraction Using Generative Adversarial Networks

QIN Yue-Hong, WANG Min
(College of Computer and Information, Hohai University, Nanjing 211100, China)

Abstract: Gait is a biological feature that can recognize identity at a long distance and without invasion. However, the
performance of gait recognition can be adversely affected by many factors such as view angle, V&ialking environment,
occlusion, and clothing, among others. For cross-view gait recognition, the existing cross-view Iﬁethods focus on
transforming gait templates to a specific view angle, which may accumulate the transformation error in a large variation of
view angles. To extract invariant gait features, we propose a method which'is based on generative adversarial networks. In
the proposed method, a gait template could be transformed to.any AV‘iew angle and normal walking state by training only
one model. At the same time, the method maintain effective identity information to the most extent and improving the
accuracy of gait recognition. Experimqnts on‘€ASIA-B and OUMVLP datasets indicate that compared with several
published approaches, the progosed method achieves competitive performance and is more robust and interpretable to
cross-view gait recognition. |

Key words: gait recognition; feature extraction; cross-view; Generative Adversarial Networks (GAN)
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