MRS ISSN 1003-3254, CODEN CSAOBN E-mail: csa@iscas.ac.cn
Computer Systems & Applications,2019,28(9):58—64 [doi: 10.15888/j.cnki.csa.007026] http://www.c-s-a.org.cn
O E RGBT TR . Tel: +86-10-62661041

ET Android F1EFRRE ML EIGA R AR5
AR B E

" E R TSNS S e, JE5 100190)

2(H B R B R, B ET 100049)

EIRMEE: ® &, E-mail: luoze@cnic.cn

& O BRI S A BB Bl B 4% (13 A, R FEE 2 21 1V B F TS B 3 il 46 b V& O — Rl )
. AL T AT BT B AR RS B E A 10 19 KR R, %R G A KRR 1 o5 55 950
T BEIR. A SCHR Y DU B4 R 22 IO 46 A1 Dy BE SR 1) = 0 BE R Rl 70k, X B BT S Ry . U AR £
N B R SRR . A SO A T =R A 7 S A ARG 5, O 2t TR PR AN S R ) — 2807
0. UG 4 B R AR AR il 1) 7 2R Ll B AR AL T 5, RDRE B R R v, AT DATE AT S B e A s s
KBRIR: VRFE o) BRI A NG BURANRLEE 728, 1ER8 % o1 SRRl &

IR AR, P T Android *D%*R%ﬁi?éW?ﬁﬁ"]%%iﬂﬂﬂ%?ﬁ.ﬁ'ﬁm%?ﬁfﬁ)ﬂ,2019,28(9):58764. http://www.c-s-a.org.cn/1003-
3254/7026.html

W

Bird Identification System Based on Android and Convolutional Neural Network
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Abstract: With the widespread use of deep learning and the popularity of smart mobile devices, it has become a new
trend that migrates deep learning applications to mobile devices. This study designs a bird identification system based on
Android platform and lightweight convolutional neural network. The system does not rely on any external computing and
storage resources. This study also proposes three model stacking methods based on lightweight convolutional neural
network as the basic model, which is weighted average, bilinear stacking, and multi-picture and single model stacking. In
this paper, we introduce three stacking methods’ structure, advantéges, and disadvantages in detail. And we also give
some selection methods of hyperparameters through experiments. The experimental results show that the model stacking
is much better than the single model, and the accuracy of the model has been significantly improved, which can be better
applied to Android mobile devic\es.
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