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Statistics on Number of People Getting off Bus Based on SSD Convolutional Neural Network

LI Ji-Xiu, LI Xiao-Tian, LIU Zi-Yi

(Graduate School at Tangshan, Southwest Jiaotong University, Tangshan 063016, China)

Abstract: The statistics of traditional and typical bus passengers have some shortcomings in accuracy and speed, and the
effect of extracting target features is poor. This study proposes a bus counting system based on deep@convolutional neural
network to solve the crowd counting problem. The first thing to make a dataset is that all the datasets ;uséd for training are
hand-labeled. And the bus camera angle is wider than the previous literature. This study first compares the effects of
various deep convolutional neural network models on the whole body detection df passengers. Considering the detection
rate and accuracy, the single-detector deep convolutional neural nefWork model is used to detect passengers’ heads. The
simple online and real-time target tracking algorithm implements multi-target tracking of human heads, and the cross-
region crowd counting method is used to countsthe number of passenger getting off the bus. The system accuracy rate
reaches 78.38% and the operating rate'is kapproximately 19.79 frames per second. the passenger count is achieved.

Key words: SSD target deteétion; convolutional neural network; SORT target tracking; cross-region population statistics
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