MRS ISSN 1003-3254, CODEN CSAOBN E-mail: csa@iscas.ac.cn
Computer Systems & Applications,2018,27(11):252—-258 [doi: 10.15888/j.cnki.csa.006646] http://www.c-s-a.org.cn
O E RGBT TR . Tel: +86-10-62661041

ETF PCA-LSTM W& WLH L1780

BRI, SEU, PR

'Aem TR 5 BRRE S EOR 2R, 65T 100029)

JAbat At T2 5 2 TSP, Jbat 102617)

JEWAEE: 5kBEB, E-mail: zhangxiaoming@bipt.edu.cn

- S DR TS 38 s8R €5 41 TP VR £ 5 ot ) NN 15 AN R =R/ U S G100 A TV 3 55 770 B S A
%, S AR VLSRR )RR LSO, T 5 Tk 37 U O A P 0 R 45 A e, AR R R A S B AL
(PCA-LSTM) R4 R, 1 Y 5 By 0 T AN SQIBR PR 20 A, $29 Hh A e A AR 2 B2 — i, 558 — Tl %
OGP0 () L e R VR R AR, 115 B L B RR AR AR AN 5 — 32 g o Pl IF 1 37 PR3 11 E AR MR b, R A J
CAZ M 45 (LSTM) 7 4k B 8] Fr 41 [7] 51 A 68 4 0 A a0 N\ RO B 17 5245 B AH HL 45 5 s 5 SR LSTM [ 48 A
I 2 A SRR AR 5 — T R MR AR TR AR HEAT T, FHEUAS T AT I ROR.

K HEIR): RIKAE; A o3BT LSTM; MR A AL, T, R VEFR bR

51 AR %EIEJKH%EH,KEEM?%? PCA-LSTM W) 2B &y L 35 8 S P ot 7. o F UL R S0 5 FH,2018,27(11):252-258. http:/www.c-s-
a.org.cn/1003-3254/6646.html

Early Warning of Landslide in Mined Mine Dumping Site Based on PCA-LSTM
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'(School of Information Science and Technology, Beijing University of Chemical Technology, Beijing 100029, China)
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Abstract: The process of landslides for mine dumps is a dynamic, large-delay, and complex situational problem. There
are many factors that affect the landslide in mine dumps, and each characteristic index influences each other. However,
there is no strict categorizing standard for index of landslide warning for dumping sites. This‘;tudy proposes Principal
Component Analysis Long-Term and Short-Term Memory network (PCA—LSTM) model, using PCA and correlation
analysis, mining the first principal component among all the charactéristic indicators, and the other indicators with strong
correlation with the first principal component. The obtained other characteristic indexes and the first principal component
are used as the main characteristic indicators to predict the dumping landslide, and the LSTM is used to combine the
existing input information and,the historical information when dealing with time series problems. The LSTM model
predicts the displacement of the first principal component through a number of other characteristic indicators and has
obtained sound results.
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