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Table Data Simulation Generating Algorithm Based on Not-Temporal Attribute
ZHANG Rui, XIAO Ru-Liang, NI You-Cong, DU Xin, CAI Sheng-Zhen

(College of Mathematics and Informatics, Fujian Normal University, Fuzhou 350117, China)
(Fujian Provincial Digit Fujian Internet-of-Things Laboratory of Environmental Monitoring, Fujian Normal University, Fuzhou
350117, China)

Abstract: A table data simulation generating algorithm is proposed based on not-temporal attribute correlation. This
algorithm can overcome the difficulty in building not-temporal attribute correlation in the devel%prﬁcnt of big data
simulation generator, and play an important role in the field of measurement of the big data simulation generated. Firstly,
we extract the two key not-temporal attributes from the data set, and make the statfstics of twofold frequency. Then, based
on the statistical results, we calculate the maximal information coefficient (MIC) value to measure dependence for two-
variable relationships. We use the stretched exponential (SE) distribution to fit the relationship, and build the correlation
model. Finally, we generate data in a two-dimensional matrix with this model. The experimental results show that this
algorithm can effectively describe the data characteristics of the real data set.

Key words: data simulatign gener;tor; correlation; maximal information coefficient (MIC); stretched exponential

distribution; attribute ‘correlation
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