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Violence Behayior Detection Based on 3D-CNN

ZHOU Zhi, ZHU Ming, Yahya Khan
(School of Information Science and Technology, University of Science and Technology of China, Hefei 230022, China)

Abstract: A large number of research behavioral methods are focused on detecting simple actions such as walking,
jogging, or jumping, while less research is on violence or aggressive behavior, but these studies are useful in some
surveillance scenarios, such as: Prison, self-help banks, shopping malls and so on. Traditional methods of violent behavior
recognition research mainly use a priori knowledge to manually design features. In this paper a violence detection method
based on 3D-CNN structure is proposed. The three-dimensional deep neural network directly manip'hla\te_s on the input,
which can be a good extraction of violent behavior of time and space characteristics of information. It can be seen from
the experimental results that this method can identify the violent behavior bqtte"g than the characteristics of hand-craft
features. -

Key words: action recognition; violent detection; deep learning; convelution neural network
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