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Improved Moving Object Detection Method Based on Gaussian Mixture Model
ZHANG Guo-Ping, GAO Zhao-Bin

(College of Computer and Communication Engineer{ﬁg, China University of Petroleum, Qingdao 266580, China)

Abstract: For the traditional Gaussian mixture model, it is prone to detect the background as the foreground region and
has poor effect in' cc;inplex background, so this paper puts forward an improved algorithm combined with three frame
difference method. First, we use the three frame difference method to improve adaptation of the revealed background
region. Second, we use the means of background neighborhoods update to improve the resistance to complex
background noise. The experiments prove that compared with the traditional method, the improved algorithm reduces
large amount of noise and shortens learning cycle, and improves resistance to the weather and camera shake, optimizing
the noise caused by background region revealed.
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