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Abstract: For solving the problem of lack of large medical data computing ability in some hospitals presently, a medical
mega data analysis system based on Hadoop is designed. The system can provide two functions of auxiliary diagnosis
and medical data sfétistics, combing with the technology of multi-node distributed computing. So, the preliminary
diagnosis results can be concluded immediately according to patient’s medical data. And at the same time, the proposed

system also has more efficient analysis capability than the traditional hospital information system.
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