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Image K eypoints M atching Based on Improved ORB and Symmetrical Match
CHEN Tian-Hua,WANG Fu-Long; ZHANG Bin-Bin
(Guangdong University of Tecl}nology, éuangzhou 510520, China)

Abstract: Given the ORB algorithm has no scale invariance and exists more false match in image keypoints matching,
this paper combines SURF and bilateral matching algorithm to improve ORB. The improved ORB algorithm is named
SSORB(scale invariance and symmetrical matching ORB). First, we generate multi-scale space by different sizes of box
filter template convoluting with integral image. Second, we detect the stable extreme points in multi-space, making the
extracted points invariant to scale. Third, we describe these points with ORB descriptor making them invariant to
rotation. At last, according to the Hamming distance match these points. Due to the existence of error match, bilateral
matching is used to improve the match accuracy by eliminating the false match. The experimental results show that the

SSORB algorithm effectively solves the scale invariant defects of the ORB algorithm, meanwhile, keeps the speed

advantage of ORB and improves the matching accuracy.
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