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Non-Local Similar Patch Search Algorithm Based on'Random Match
YU Wen-Sen, WU Wei ,
(College of Mathematics and Computer Science, Wuyi University, Wuyishan 354300, China)

Abstract: A k-nearest neighbor patch' match ‘algorithm based on random match was proposed to solve the non-local
similar patch search problem, which is an improvement of the patch match algorithm based on jump flooding. On the
basis of the origin v"cllgorithrn, the improved algorithm proposed an additional way to randomly generate candidate
reference patch from the local neighborhood of each query patch, which raises the possibility of matching candidate
patch to query patch and improves the matching accuracy. Experimental results show that the improved algorithm is
comparable with the origin algorithm in time efficiency and parallelism, and outperforms the origin algorithm in
matching accuracy.
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