i EONL R g

BUARY S & 1& MFCC TEiiA A A R RIR A

#LH B wa

WP R R B TR B, RS 610000)

2wiEE) A BOREEL, Kb 410007)

8 B RTINS BEK T MFCC S50 & e, 50008 AHIIA REEMERE . 2 &I MFCCHIANT
2 AT RORAE N 38 MFCC RRAE R 75 SR BT T — @ 808, HEGHMARREA . b T MFCC 404
M P B B R SRR, BRI T M 22 B MFCC RISV, b SVEAE £ il MFCC LRl 5] A3
JEAR, eI (Spectral Subtraction, SS)RENSITRIE ¥ I ML S0 THE. B, KM T Multitaper+SS 212 ek
SRR T PR IS, s T EAFIOYERE. O RCARAGRIL, A AT PRSI, 5 2 i MFCC
PHCEA L, RS 2 & MFCC K 3L AR R GE Pk BEAE S48 RTEER Mg /M WA bR i
mMinDCF J IV i b b #EAS T 50 ff 1) 45 21

KHEIR: MFCC; Z A, ik, vl Awhik; ek s

2014 4F #5233 5 114

http://www.c-s-a.org.cn

Improved Mutitaper MFCC and its Application in Speaker Verification
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Abstract: Speech exists additive noise which is the main reason for reduced MFCC robustness. Then reduced MFCC
robustness makes the speaker verification system identification rate decreased. To solve the problem, multitaper
technology is introduced, which is a little effective in improving the noise robustness of MFCC. To get a better result, we
propose a improved multitaper MFCC extraction algorithm which combines multitaper and spectral subtraction methods.
Multitaper technology improve the robustness of MFCC, then spectral subtraction method enhance! the speech and
reduce the effect of noise. Simulation results show that when the test speech contains the additive noise, new algorithm
could achieve better result in EER and minDCF which are the evaluation index of’:speaker verification system.
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