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Abstract: The traditional electricity data processing methods of a corporation’s financial management information
system have difficulty as the amount of electricity data is growing rapidly. Hadoop is a large-scale distributed computing
framework that has the advantages of high efficient, reliable and scalable. Hadoop is widely used in the massive data
processing field. Based on the analysis and research of electricity process and Hadoop, this paper proposed a novel
electricity process model which includes a distributed computing platform based on Hadoop and Hive. The experimental
results show the platform can effectively solve the performance bottleneck that the electricity processing service is
facing and improve the speed and efficiency of electricity process. In addition, the new Ymodel can provide
high-performance electricity detailed query functions. ‘
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