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Using Genetic Algorithms to Improve the Initial Weights.of SOM Network in the Musical
Instrument Classification d

YANG Song, YU Feng-Qin

(School of Internet of Things Engineering, Jiangnan University, Wuxi 214122, China)

Abstract: For the'problem of excessive training and easy to fall into local minimum in SOM network in the
classification caused By the randomness of its initial weight, using genetic algorithm to improve network initial weights
in instrument classification is proposed. Simulation experiments extract 12-order MFCC coefficients of 10 different
kinds of musical instruments. Then use the genetic algorithm to calculate the fitness value of each order in each
instrument, and use the fitness value as the network initial weights. Simulation results show that: the way of using
genetic algorithms to improve the initial weights of SOM network in the musical instrument classification is effective

and the classification accuracy can reach 83.51%.
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